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HOME VIRTUAL LAB 10T SIMULATOR ARTICLES v DOCS SIGN IN / JOIN v

NTELLIGENT SIMULATIC

Simulate thousands of loT endpoints on the cloud and
measure your system performance under load. Fix
scaling issues before your customer discover.

Learn More
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Google Cloud loT

Unlock business insights from your global device network with an intelligent loT platform.

Platform for intelligent loT ﬂ SMART

services
Google Cloud IoT is a complete set of tools to connect, process, store, Tra C k yo u r assets

and analyze data both at the edge and in the cloud. The platform

consists of scalable, fully-managed cloud services; an integrated a | | Ove r the g IObe

software stack for edge/on-premises computing with machine

learning capabilities for all your loT needs. VO g O b O n d

Oden Technologies: Dptimizing:
production‘on the fadtogy floor
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Google Cloud loT-
ready hardware

Google and its partners offer devices and prototyping kits that
simplify integration and make it easy to connect to the Google
Cloud Platform. And with fully managed loT services like Cloud
loT Core you can securely connect, manage, and ingest data from
globally dispersed devices.

loT Developer Prototyping Kits
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1F TensorFlow Install Learn ¥ APl Resources v Community Why TensorFlow +

Announcing the TensorFlow Dev Summit 2020

FN An end-to-end open
source machine
learning platform

TensorFlow For Mobile & loT For Production

For JavaScript

The core open source library to help you develop and train ML models. Get
started quickly by running Colab notebooks directly in your browser.

[ Get started with TensorFlow ]
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GOOGLE CLOUD

Build and train machine learning models on
our new Google Cloud TPUs
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cO Welcome To Colaboratory
L A
File Edit View Insert Runtime Tools Help

+ Code + Text & Copy to Drive

Table of contents  Code snippets  Files X

Machine Learning Crash Course
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These are a few of the notebooks from Google's online Machine Learning course.

Introducing Colaboratory

« |ntro to Pandas

Getting Started « Tensorflow concepts

First steps with TensorFlow

More Resources

Machine Learning Examples: Seedbank

Section Using Accelerated Hardware

e TensorFlow with GPUs

Intro to neural nets
Intro 1o sparse data and embeddings

s TensorFlow with TPUs

Machine Learning Examples: Seedbank
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You are here: » Home »Deep leamning

Search...

RECENT POSTS

Atari Space Invaders and Dueling Q RL in
TensorFlow 2

Dueling Q networks in TensorFlow 2
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Tutoriais RL

You are here: » Home » Reinforcement learning = Reinforcement learning |

Action selection step

O O Search...
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Tutorlals DRL

A Free course in Deep Reinforcement Learning from
beginner to expert.

Some of the agents you'll implement during this course:
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